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Abstract: There is an increasing interest in forest biomass for energy throughout Europe, which is seen
as a way of promoting forest mobilization and economic development locally, in particular in regions
where forest biomass is available but its use is limited by lack of demand. This study was conducted
to define, evaluate and select viable forest industry scenarios to increasing forest mobilisation
in the North of Portugal using AppTitude®, a Forest Management Decision Support Systems
(FMDSS) considering spatially explicitly supply (biomass growth and yield), demand (industry),
and supply–demand interactions (markets). The protocol followed combined a set of indicators of
sustainable forest management to guide the selection of the best industry solutions in terms of location,
dimension, forest biomass and other variables defined as objectives. The simulations allowed the
selection of a small set of industry scenarios compatible with an existing plant outside the study area,
increasing wood mobilization, preventing overexploitation and competition among industries but
increasing value and price of forest biomass. The results of the application of this FMDSS showed that
introducing new biomass plants in the region will increase sustainable forest mobilization and related
local development. AppTitude® revealed to be a powerful and reliable tool to assist forest planning.
Keywords: heuristics; stochastic; AppTitude®; linear programming; MAUT
1. Introduction
The demand for forest biomass for energy has been increasing throughout Europe [1,2] and it is
expected to grow further in the near future [3]. At the beginning of the millennium, expectations had
already been of great demand in the coming decades (e.g., [4]). Today, biomass is gaining importance
within the overall goal of the contribution of renewable energies to the composite pool of energy
sources [5] in the context of multifunctional forestry [6]. Biomass energy industry has shown a
tremendous increase throughout Europe in recent years, growing, for example, by 97.6% overall
between 2009 and 2013 [1,7]. The general trend of growth of forest biomass supply and demand,
however, is not homogeneous across Europe [2,8]. Countries such as Sweden or Germany are net
biomass for energy exporters while countries such as the Netherlands or Denmark are net importers [5].
Similar patterns can be observed at country or region scales. For example, although Portugal has
been one of the major wood pellets producing and exporting countries in Europe [5,9], most of the
production takes place in the north and central coastal regions closer to the coast [10]. In the interior
areas of the country, the demand of wood for energy has suffered little influence from the overall
fast-growing national and international wood energy markets and the use of wood for energy follows
traditional local patterns [11].
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The increasing demand of forest biomass for energy is often seen as an opportunity for a bio-based
economy [12], potentially triggering wood mobilisation in general and, in particular, in regions and
forest types for which there traditionally has not been demand, ultimately contributing to rural
development in these regions [13,14]. The local establishment of industrial energy units using forest
biomass (power or pellets production plants) is, therefore, a possible outcome of this increasing demand
in areas currently not covered by forest industry, but where forest biomass is abundant and apparently
available for mobilisation. In a fire-prone country like Portugal, demand from the biomass energy
sector is additionally seen as a way of contributing to the reduction in fire hazard by decreasing the
horizontal and vertical continuity of fuel (biomass) in forests and landscapes [15].
The introduction of new forest industries in a region should be supported by sustainability
assessments addressing economic, social and environmental aspects [16] such as: (i) the economic
viability and risk of the investment, (ii) the environmental resilience and the sustainability of the
resource supply, and (iii) the social impact of the investment and the potential conflicts with other
biomass uses or industries. These assessments should start by considering the actual supply cycle/chain
and market of the resource/product [17], envisioning possibilities for changes in the region aiming to
increase investments in transforming industries (pellets, bioenergy, etc.).
The value of forest biomass in general holds a large subjective component [18], causing it to
be vulnerable to fluctuations according to supply and demand [19]. Moreover, forests, as complex
and dynamic systems, offer a diversity of other goods and services generating different types of
perceptions and expectations from stakeholders that can create a series of interactions among them.
Forest Management Decision Support Systems (FMDSS) have been gaining importance in recent
decades under this framework, producing methods and tools to address these complex systems and
help to take decisions [20]. In general, an FMDSS is a hierarchy or structure of methods and tools
whose main goal is to look for a solution for a problem in forestry [21]. An FMDSS encompasses
growth and yield modelling [22,23], spatial analysis [24] and interactions among stakeholders [25],
considering different temporal and spatial scales and choices and incorporating hazard, risk and
uncertainly analysis [26,27]. Finding a solution for a complex problem requires large calculation
capabilities. The rapid evolution of computer processing power has made it possible to apply complex
FMDSS to real-world problem solving (e.g., Eureka in Sweden [28], SADfLOR [29] and FlorNExT
Pro© [30] in Portugal) whose development is a challenge for future decision making.
The present study aimed to apply the FMDSS AppTitude®, developed and established in the
Nordeste region (North of Portugal) to support increasing forest mobilization, in the definition and
evaluation of scenarios representing the implementation of forest industry plants locally. The framework
used for the development of AppTitude® and its application in this study addressed supply, demand,
and supply–demand interactions according to forest growth and yield dynamics, demand from industry,
and conflicts among industries for the use of wood established on a spatially explicit basis. The objectives
of this study were to (i) define forest industry scenarios with the potential to increase forest mobilization
in the Nordeste region in Portugal, (ii) assess the impacts of these scenarios on forest resources and on
forest mobilisation, and (iii) select the most viable and sustainable scenarios for the region.
2. Materials and Methods
2.1. Study Area
This study was conducted in the Nordeste Transmontano region, Northeastern Portugal,
(Figure 1), hereafter Nordeste encompassing a total land area of 527,705 há and eight municipalities
(Afândega da Fé, Bragança, Macedo dos Cavaleiros, Miranda do Douro, Mirandela, Mogadouro,
Vimioso and Vinhais). The region presents low levels of wood mobilization due to a combination
of factors including lack of information, lack of awareness regarding forest potential, and lack of
investment in forestry and the forest-based industry. However, forests in this region are relatively
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abundant (25% of the land cover, overall) offering currently a non-neglectable yield level. Maritime
pine (Pinus pinaster) is the major forest species in area with more than 28,000 ha [31].
The potential establishment of forest industries (sawmills, biomass-fired power plants, or wood
pellets producing plants) are seen locally as a way of valorising forest resources and increasing
forest management intensity and wood mobilization, contributing to the sustainable development
of the region as well as to decreasing fire hazards [32]. In this study, we established hypothetical
industry units, in addition to an existing industry already using resources in the region, as possibilities
for increasing wood demand regionally, which were tested with the FMDSS developed for Nordeste.
Figure 1. Location of the study area, the Nordeste region (in red), in Portugal (in white).
2.2. Approach and Model Development
Heuristics, “a strategy that ignores part of the information with the goal of making decisions
more quickly, frugally, and/or accurately than more complex methods” [33], provides solutions to
complex problems that cannot be solved in any other way, for example by structuring these problems
into simple divisions of parts with a defined goal [34]. In this study, the problem consisted of assessing
spatial and temporal interactions of actors (forest industries) with resources (forest biomass) in a defined
area (Nordeste, Portugal). We assumed this complex system to be made up of three components:
(i) Supply, or how much and where the resource (forest biomass) is available in the region;
(ii) Demand, or what characteristics of the resource are of interest to the users (forest industry);
(iii) The interactions between supply and demand in the study area.
To address this problem, we used AppTitude®, a FMDSS tool developed with the aim of supporting
forest mobilization in the Nordeste region, that applies the rationale and the methodological framework
followed in this study [35] (Figure 2).
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Figure 2. Flow diagram of the simulation procedure applied in for supply, demand, and supply–demand
interactions assessment. AppTitude® implements quantity, value and price models to define scenario
conditions required for the linear programming matrix that is iterated and solved annually for a 20-y
period applying forest growth models in the area of study.
AppTitude® combines a set of methods in a complex decision support system applied in a 5-step
protocol to define scenarios, inputs, and restrictions and to reach goals, targets and objectives in order
to find a satisfactory solution for a given problem (Figure 3). It was used in this study to address the
effects of forest industries on forest resources and the interactions among competing industries and to
select the best industry scenarios for the region. The procedures for ranking and selecting solutions
are based on a series of objectives (Table 1). These particular objectives are of two types: necessary
and priority. Necessary objectives are mandatory and take into consideration the sustainability of
activities and resilience of the region to absorb management operations of all industries in the region
(Objective 1), from the point of view of supply, or resource availability and the of operations of
each industry throughout the simulation period (Objective 2), from the point of view of demand.
The priority objectives are not mandatory but are used to rank the results of the model to select the
best scenarios. We considered in this study as priority objectives, from the point of view of demand,
to maximize volume harvest (Objective 3) and to maximize valorisation of maritime pine in the region
(Objective 4) and, from the point of view of the supply–demand iteration, to maximize the managed
area (Objective 5), the lowest competition among industries (Objective 6) and to decrease forest fires
(Objective 7). These objectives were monitored and verified through a series of indicators (Id) that will
be described in the following sections.
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Figure 3. Protocol for the application of the AppTitude® process/methodology.
Table 1. Objectives established for the ranking and selection of solutions for the particular case of this
research (Nordeste region, Portugal).
Objective Description Component Directed to Type
1 Assure resilience of the region to absorbthe operations of all industries Supply Necessary
2
Assure continuity in the operations of
each industry throughout the
simulation period
Demand Necessary
3 Maximize volume harvest with respectto control scenario Demand Priority
4 Maximize resource valorisation withrespect to control scenario Demand Priority
5 Maximize managed area in thestudy region Supply–demand Interaction Priority
6 Minimize competition among industries Supply–demand Interaction Priority
7 Minimize effects of forest fires Supply–demand Interaction Priority
2.3. Supply Assessment
2.3.1. Quantity Model
The first step in structuring a supply–demand problem is to understand the availability of the
resource [36]. The supply assessment for the Nordeste was based on both the spatial distribution of
forest biomass in the study area (spatial dimension) and changes in forest biomass over time in every
location (temporal dimension). The biomass distribution was done based on the Land Use/Land Cover
assessment COS2007 [31] data and through stochastic modelling based on statistical distributions
generated from the National Forest Inventory [37]. This approach allows the integration of modelling
tools of several families to accurately describe the spatial and temporal dynamics of forest resources
related to forest stand growth and forest management operations such as thinning and felling. It can
also to overcome a common problem in forest data sources, that is, the lack of detailed data on the
spatial distribution of forest stand attributes. To build the stochastic model, we disaggregated forest
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spatial data into n rows by m columns 1-ha resolution units. For each spatial unit Uij at the ith row
and jth column locations of the Mnm matrix, we assigned the variables Species (SP), Stand Age (t),
Site Index (SI), Dominant Height (H0), Density (N), Density factor (FN), Basal Area (G), Number of
previous thinnings (NT), and Age of the stand when it was last thinned (AT), based on data from the
aforementioned Land Use/Land Cover database and from initialization processes based on statistical
distributions established from the Portuguese National Forest Inventory [37] plot data. Initialization
consisted of: (i) establishing the age of each spatial unit as a pseudorandom variable using the age
probability distribution obtained from the National Forest Inventory data; (ii) initializing H0 using the
SI spatial distribution established using National Forest Inventory plot data; (iii) initializing G and N
using the equations of [38,39], respectively; (iv) assigning FN to each spatial unit using Land Use/Land
Cover data [31].
Forest biomass available in the landscape was a function of the growth of stands and management
operations applied in each spatial unit over time based on growth and yield models, projecting
forest biomass at both the stand and landscape levels. For our area of study, we used previously
developed dynamic models for maritime pine [38–40], after local validation [41]. The application of
silvicultural practices in each spatial unit according to the supply and demand conditions simulated
(no management, thinning, and felling) was based on the forest management tool FlorNExT® [41].
Moreover, we introduced a fire risk factor in the model combining an empirical probability of fire
occurrence in case of ignition [42] with the ignition probability model of [43], resulting in a probability
of resource loss in each Uij.
Considering the infinite number of possible spatial distributions of forest resources according to the
stochastic distribution models used, we tested six possible baseline distributions for the initialization of
the model (Appendix A). One of these distributions, Forest Stochastic Distribution 0 (FSDo), was used in
the first simulation of the model (step 1 in Figure 3) with all scenarios (see Section 2.4.1). The remaining
distributions (FSD1 to FSD5) were used in the second simulation (step 4 in Figure 3) for the scenarios
selected in the first simulation to address the effects of variability in forest data on the indicators used
to describe the behaviour of the model.
Two indicators were used to assess trends of supply and, in particular, to verify that objective 1
was met (Resilience of the region to absorb the operations of all industries):
Id 1: Overall change in volume in the simulation period (m3/yr): Slope of the linear regression
fit to the volume in the region over the 20-y simulation period. When positive, it indicates that the
supply to industries in the entire simulation period does not decrease volume in stands in the region in
this period;
Id 2: Overall change in volume in the last five simulation years (m3/y): same as above for the last
five years of the simulation.
2.3.2. General Model Restrictions
The extremely large number of spatial units in the study area and the high number of combinations
of all possible solutions for these units, make the number of variables involved in the linear programming
problem (supply–demand component) very high. To reduce the complexity of the problem, we applied
the following restrictions in the supply component of the model:
(i) Forest spatial units are even-aged maritime pine stands;
(ii) Species composition in a particular Uij is constant in time;
(iii) Site Index (SI) for a particular Uij is constant in time;
(iv) The Density Factor (FN) for a particular Uij is constant in time;
(v) When a unit is harvested, Density is reset to 2000 trees/ha the following year.
(vi) When thinning is applied, no other operation (either thinning or felling) can be applied again in
less than 6 years.
(vii) No spatial restrictions apply to thinning or felling.
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2.4. Demand Assessment
2.4.1. Demand Scenarios
Our analysis is based on the test of 10 different demand scenarios built combining three
forest-related industry locations (I, II, and III), four industrial activities (B1, B2, B3, S1) (Figure 4) and a
diversity of supply–demand relationships (Table 2):
• Biomass I (B1): an existing pellets production plant located just west the study area (Chaves);
• Biomass II (B2) and Sawmill (S1): a plant with two divisions, a biomass-fired power plant and a
sawmill, located in Bragança, the largest city in the region;
• Biomass III (B3): a biomass-fired power plant located in Vimioso, in the east of the region,
where forests, although young, are relatively abundant.
These scenarios address specific thinning/harvest conditions and ranges of prices for each industry
(Appendix B, Tables A2 and A3, respectively). The evaluation of these 10 scenarios was conducted
through the verification of objectives in Table 1 using the following viability indicators for individual
industries. Objective 2 and 3 were assessed with indicators 3 and 4, respectively:
Id 3: Continuous volume demand in every year of the simulation period (Y/N): objective 2 is met
when there is demand in every year of the period simulated;
Id 4: Total volume demand (m3): Summation of all volume harvest of all industry in each scenario.
Figure 4. Location of forest industries considered in the 10 demand scenarios tested in the Nordeste
region, Portugal.
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Corresponds to Biomass I (B1), where demand comes from an already existing
pellets production plant located outside (Chaves) but consuming biomass from
the study area; all the available pine biomass in the region can be used by this
plant only; this is the control scenario and it will be used as reference for
other scenarios
Scenario 2 Scenario 1 + Biomass II (B2), a bioenergy plant located in Bragança; nosupply restrictions
Scenario 3 Scenario 2 + Biomass III (B3), a bioenergy plant located in Vimioso; no supplyrestrictions
Scenario 4 Scenario 1 + Biomass III (B3); no supply restrictions
Scenario 5 Scenario 1 + Biomass II (B2) and Sawmill (S1); supply in B1 and B2 restricted tobiomass extracted by thinning
Scenario 6 Scenario 5; biomass supply to B1 and B2 from thinning and felling when averagedbh < 25 cm at stand age 30 years
Scenario 7 Scenario 5 + Biomass III (B3); supply in B1, B2 and B3 from thinning and fellingwhen average dbh < 25 cm at stand age 30 years
Scenario 8 Scenario 7 + Sawmill (S1); supply in B1 limited to thinning and felling in stands ofaverage dbh < 25 cm)
Scenario 9 Scenario 1 + Sawmill (S1); supply in B1 limited to thinning and felling in stands ofaverage dbh < 25 cm)
Scenario 10 Scenario9 + Biomass II (B2); in B2 maximum annual volume of 5000 m3
dbh: diameter at the breast height (1.3 m above ground).
2.4.2. Value and Price Models
We established the demand component of the model based on biomass valuing and pricing.
For value, we adopted the definitions according to the value “whatever I want in a product”, since it can
be converted in terms of subjective satisfaction concerning products [18]. Different stakeholders look
for different characteristics in a product, which makes the value of that product dependent on the point
of view of different groups of interest. A forest stand, for example, may not have the same value for the
forest industry, tourists or mushroom pickers. The question then becomes: what is each stakeholder
looking for and how can that information be converted into value? We addressed these questions
with the Analytic Hierarchy Process (AHP) [44] and Multi-Attribute Utility Theory (MAUT) [45]
multi-criteria analysis methods. AHP is one of the most widely used methods around the world and
it has been applied to decision making in many fields [46], including forestry (e.g., [47,48]. AHP is
based on the pairwise comparison of criteria in a decision scheme as well as on the alternatives under
each criterion using a certainty scale of priorities [49]. MAUT is similar to AHP in many ways [50],
but instead of pairwise criteria comparisons, it uses utility functions ranging from 0 to 10 for the level
of satisfaction for each criterion [51]. There are several examples of applications of MAUT in forestry,
for example [52,53].
AHP was used in our framework to obtain weights for criteria in a decision tree and MAUT
to link weights with the weight utility model for each criterion, or data category, of spatial datasets
associated to each criterion. The relationship between criteria and spatial information was synthetized
using a utility function where attributes were given weights according to priorities (Table 3). The value
model considered published information [54–57] for the establishment of criteria and weights assigned
to criteria/sub-criteria (Figure 5). Sub-criteria road transport CO2 emissions and road transport
distance were considered within policy criteria, mechanizable (slope class) and road transport fuel
consumption within economy, and protection areas, land use, and distance to rivers within environment.
Weights, defined for the present year (t0) and for simulation year 20 (t20) (Figure 6), were constant
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across industries. Changes in value over time were based on linear relationships of criteria in the
decision model. The output of the value model was a spatial distribution of weights of the resource
from the perspective of the forest biomass industry.
Table 3. Utility function for the establishment of weights for criteria.
Score Description
Null The criterion is not important, or it is not evaluated (out of the function)
0 The criterion is not available for the tree hierarchy (for technical or legal limitations)
1 to 10 1: minimum weight; 10: maximum weight
Figure 5. Value model for B1, B2/S1 and B3 industries in the Nordeste region, Portugal, based on AHP.
Red and green represent the lowest (0) and the highest (19) score values for criteria level/alternative per
industry, respectively. Other colors in the red-green gradient represent intermediate values.
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Figure 6. Ranking of weights for criteria and sub-criteria for t0 (blue bars) used in the generic value
model and trends over a period of 20 years (t20, orange bars) in the Nordeste region, Portugal.
The price model in this study was directed exclusively to forest biomass. Although there are
good examples of biomass pricing models in the literature (e.g., [58–60]), the fact that they consider
costs associated to the entire supply chain made us create an utility model to associate price with
the model value based on an estimate of the average price that the buyer is willing to pay associated
to the maximum resource value and the average price that the seller is willing to sell for, within the
boundaries of resource availability. The price model was evaluated regarding Objective 4 with the
establishment of the two indicators used to prioritize scenarios:
Id 5: Average price of thinning (€/m3)—average price of thinning resulting from the application
of the value and price models for the study area;
Id 6: Average price of felling (€/m3)—average price of felling resulting from the application of the
value and price models for the study area.
2.5. Supply–Demand Interaction: Development of Competition Scenarios
There is often more than one industry operating simultaneously in a given area. When a particular
land unit Uij is harvested by one industry it will become unavailable to others. In our model we
used optimization (Integer Linear Programming) to define which competitor harvests which land
unit. Since we worked with 1-ha cells (Uij) that cannot be subdivided, variables are of type integer.
Considering that finding a solution for problems of this type is mathematically and computationally
demanding, we used a Branch and Bound (B&B) algorithm [61] to obtain an approximately optimal
solution, within a defined threshold. We addressed the biomass supply–demand relationship based on
the following steps:
(1) Maximizing value: maximization of the value (maximum resource suitability) for each spatial unit;
it was assumed that all industries seek the highest resource value and are willing to pay the
price corresponding to its value. Due to the large number of spatial units in the study area,
we established an automatic routine in C# to formalize the problem following the Integer Linear









(quantity · Element(i, j)) ∈ Ti ≤Max(VolTi)∩ ≥Min(VolTi) (2)
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Vol =
∑
(quantity · Element(i, j)) (5)
Variable type
Int∀Element(i, j) ∈ Ti (6)
(2) Solving the problem: solving the ILP scheme in (1) using an approximation of optimal solution
by the B&B method applied with the open source tool lp_solve 5.5 IDE [62]; B&B was restricted
to a threshold (GAP) of 10% and stopped when the first solution was found;
(3) Writing the solution: production of a new forest spatial distribution considering changes in each
Uij in time when a solution in (2) was found.
We applied the following rules to the supply–demand interaction model:
(i) The value of the resource is established based on its demand through a set of criteria representing
the valuation of demand according to each industry;
(ii) The price of the resource is related to its value (maximum value, maximum price; minimum
value, minimum price;
(iii) Forests can be harvested when three conditions are simultaneously met:
a. Availability—the resource is available when it can be exploited according to economic,
social and environmental conditions and local national legal frameworks;
b. Price—the price of the resource satisfies the two parts involved in the process: the buyer
and the seller;
c. Quantity—there is enough resource for the sustainable operation of an industry;
(iv) Forest resources can only be extracted (through thinning or harvesting) by one of the competing
industries. When a land unit meets all the rules above, it will be used (harvested or thinned) by
the industry that pays the highest price.
To evaluate the supply–demand interaction regarding objective 5 we used the following indicator:
Id 7: Cumulative managed area (ha)—cumulative forest area where thinning was applied
over time.
Moreover, the interaction between supply and demand among industries can increase competition,
which should be minimized according to objective 6, assessed based on indicator Id 8:
Id 8: Volume not harvested due to competition (m3)—calculated as the summation of the
differences between the industry harvests and the minimum value between the maximum harvest
volume goal and the potential volume available for harvesting for each industry.
Finally, to assess the last objective (objective 7) we used the following two indicators:
Id 9: Total burned area (ha)—summation of all areas burned in the entire simulation period;




According to the protocol followed in this study (Figure 3), the first simulation of the model for
10 industry scenarios over a period of 20 years considering forest biomass initialization based on a
stochastic distribution (Appendix A) and broad initial volume limits (maximum goals) within each
industry (Appendix C) and a set of objectives (Table 1), produced useful information regarding the
dimensioning, sustainability and viability of tested scenarios. Since the possible dimensioning of B2,
B3 and S1 units were unknown in advance, we stablished maximum volume goals to understand the
effects of activity of these industries on supply and demand (objectives 1 and 2) which allowed the
definition of informed minimum and maximum goals in a second simulation. Model assessment of the
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first simulation based on the variation in standing wood in the region (Id 1) indicated that scenarios
2 and 3 led to overexploitation (Figure 7, Table 4), i.e., harvested a volume of wood that exceeded
growth, therefore reducing standing volume in the region, which was considered unsustainable. In the
remaining scenarios, there is an increment in standing volume in the area over time. Id 2 showed
always positive volume variations in the last 5 years of simulations.
Figure 7. Standing volume (m3) in the study area over the 20-yr simulation period in the first simulation
for all scenarios considering broad volume goals (Table A4, Appendix C).
Table 4. Forest biomass assessment indicators outputs for the first simulation using initial volume
goals in each industry/scenario (Table A4, Appendix C).




















1 32,170 50,485 Yes 730,686 8.42 16.40 2647 0 5040 358,792
2 −9635 1157 Yes 1,548,762 9.81 16.87 1815 497 4921 261,518
3 −16,587 22,114 Yes 1,604,465 9.02 17.42 1650 91,071 4976 246,817
4 21,355 43,034 Yes 1,412,117 8.26 17.16 2765 11,029 5130 346,312
5 24,792 22,173 Yes 1,000,087 10.41 30.82 4194 151,260 5136 354,205
6 12,973 7729 Yes 1,208,860 10.41 21.80 2685 166,175 5068 324,538
7 25,408 22,980 Yes 1,011,611 10.34 30.75 4338 225,035 4996 338,116
8 13,018 6495 Yes 1,227,226 9.99 21.25 2811 251,117 5024 316,945
9 29,147 26,521 Yes 873,077 8.42 23.78 2476 2382 5063 365,358
10 27,857 27,002 Yes 898,211 10.28 23.70 2959 25,730 4957 357,653
The results of this first simulation with respect to demand showed that, in many scenarios,
the maximum harvest goals established for the industries involved have been too optimistic and that
the simulations allowed initial harvesting corresponding to the maximum volume goals, then decreasing
when demand is reduced by operations and competition (see Figure 8 for scenario 3, Table 4 and
Supplementary Materials for the remaining scenarios). Scenarios 2 and 3 presented the highest demand
of wood (Id 4), near 1.5 and 1.6 million m3, respectively. For the supply–demand interaction indicators
(Id 7, Id 9 and Id 10), these same scenarios showed the lowest thinned area and the lowest area/volume
affected by forest fires. Wood lost due to competition among the industry is the highest in scenarios 7
and 8 (Id 8).
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Figure 8. Results of simulation for Scenario 3 in terms of volume extracted by each of the industrial
activities comprised (B1, B2, B3) with indication of maximum volume goals and volume lost due
to competition among industries. The charts show that demand decreases after simulation year 10
(9 for B3) indicating that the maximum volume goal was too optimistic and must be adjusted in the
next step of the protocol.
3.2. Goals Adjustment
The second simulation, performed with adjusted volume goals for the industries included in all
scenarios (Table A5, Appendix C) (step 3 in Figure 3) and run with the forest stochastic distributions
FSD1 to FSD5 (Appendix A) to look for the possible effects of resource distribution on the results, led to
a more restricted selection of viable scenarios (Table 5, Figure 9). Scenarios 3 to 7 were not able to
fulfil demand throughout the duration of the simulation period (Table 5, Figure 10). In these scenarios,
simulations broke before t20 due to the lack of biomass available for industry operation (Figure 10).
Scenarios 1, 9 and 10 had the lowest impact on standing volume (Id 1 and Id2) in the region (Figure 9).
These were also the scenarios harvesting less in the area (Id 4). Scenario 8 exhibited the highest effect
of competition on volume (Id 8), 45,600 m3 (Table 5).
This process conducted for the selection of scenarios 1, 2, 8, 9 and 10 that complied with objectives
1 and 2 established initially (Table 1). These selected scenarios were, therefore, the ones considered
sustainable (Objective 1), that increased mobilisation (Objective 3), and that simultaneously scored
highly in terms of the remaining Objectives. Scenarios 3, 4, 5, 6 and 7 presented irregular supply of
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wood during the 20 years of simulations (Figure 10), and for this reason they were rejected (did not
achieve Objective 2).
Table 5. Forest biomass assessment indicators outputs for the second simulation using adjusted volume
goals (minimum and maximum) in each industry/scenario (Table A5, Appendix C). All values are
averages of 5 simulations (FD1 to FD5).




















1 45,350 46,470 Yes 524,588 8.39 16.56 2717 0 5056 396,398
2 10,838 7225 Yes 1,154,367 10.36 16.87 1879 632 4945 323,078
3 3607 - No - - - - - - -
4 37,135 - No - - - - - - -
5 −3570 - No - - - - - - -
6 −3496 - No - - - - - - -
7 −13,024 - No - - - - - - -
8 6542 4031 Yes 1,308,383 9.97 21.14 2718 45,600 4949 304,874
9 17,544 19,280 Yes 1,088,890 8.40 23.64 2442 2232 5107 334,255
10 27,090 27,506 Yes 902,343 10.35 23.72 2826 4851 5063 358,871
Figure 9. Standing volume (m3) in the study area over the 20-y simulation period in the second
simulation for all scenarios considering strict minimum and maximum volume goals (Table A5,
Appendix C).
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Figure 10. Evaluation of model performance throughout the simulation period for scenarios 2 to 10




4.1.1. The Selection Process Based on Objectives
The objectives for scenario selection proposed in this study (Table 1) were established in terms
of the sustainability of forest management in the region. We wanted them mainly to increase wood
mobilization while assuring that additional forest management would not be driven to overexploitation
in the region and that, at the same time, harvested volume would not significantly increase competition
but would increase the value and price of forest biomass, outputs that we consider to be able to
motivate the forest sector in the region.
The 10 scenarios addressed initially (Table 2) provided a reasonable diversity of forest industry
alternatives to be tested in the region, including new industries in Bragança and Vimioso (biomass
for energy plants, sawmills) combined with the already-existing pellet production plant in Chaves
(Scenario 1), which was useful for exploring a wide range of possibilities for industry investments in
this region. At the end of a relatively complex process, which derives from the complexity of decision
making in forestry when integrating natural dynamics of forest growth, forest management, industry
operation, competition among industries, and interactions among forest biomass supply and demand,
it was possible to select of a restricted number of scenarios of viable sustainable forest mobilization,
whose relative and absolute impact in the region in terms of mobilization was addressed with the
support of a diversity of indicators.
4.1.2. Best Scenario Analysis
The final step of the protocol (Figure 3) involved the comparison of selected scenarios to look for
the best industry scenario(s) for the region considering criteria such as wood mobilization in terms of
volume and area, competition among industries and resource valorisation. This was done based on the
objectives in Table 1 and indicators in Table 5, and, in addition, on a series of simple rates calculated as
fractions of indicator values in each scenario with the same indicator in scenario 1 (second simulation),
with the exception of the ratio relative to Id 8 (R 8), which was calculated as the ratio of Id 8 (volume
loss due to competition) and Id 4 (volume harvested) (Table 6) due to the fact that Id 8 for scenario 1 is
zero. Comparisons with scenario 1 are legitimated by the fact that this is an already existing scenario
(the only among all), although it is insufficient to significantly increase forest mobilization in the region.
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Comparisons with scenario 1 allow, therefore, for measuring the degree of change caused by industries
relative to the current situation in terms of each of the indicators under consideration.
Table 6. Ratios between indicators in Table 5 relative to scenarios 2, 8, 9 and 10, and scenario 1 except
for the ratio relative to Id 8 (R 8), calculated as the ratio of Id 8 (volume loss due to competition) and Id
4 (volume harvested.
Obj. 1 Obj. 2 Obj. 3 Obj. 4 Obj. 5 Obj. 6 Obj.7
Scenario R 1 R 2 R 3 R 4 R 5 R 6 R 7 R 8 R 9 R 10
2 0.24 0.16 Yes 2.20 1.23 1.02 0.69 0.0005 0.98 0.82
8 0.14 0.09 Yes 2.49 1.19 1.28 1.00 0.0349 0.98 0.77
9 0.39 0.41 Yes 2.08 1.00 1.43 0.90 0.0020 1.01 0.84
10 0.60 0.59 Yes 1.72 1.23 1.43 1.04 0.0054 1.00 0.91
All the selected scenarios are possible solutions to increase mobilization, each with advantages
and disadvantages over the others. All affect standing volume in the region, but in all cases, the trend
of standing volume in the region is positive in the entire (R 1) and in the last five years of the simulation
period (R 2). When compared to scenario 1, all scenarios cause a reduction in volume growth over time
which is expected due to the increasing demand and harvesting, although none of the scenarios, from
the most demanding (scenario 8) to the least demanding (scenario 10), reduces available volume in the
region over time. Scenario 8 is the only that includes an industry located in Vimioso (B3). However,
the dimension of this industry is very small (up to 3000 m3 per year). In terms of valorisation of
forest biomass, most of the gain in prices was observed for felling prices in scenarios 9 and 10, which
included the sawmill (S1). Here, price is 1.43 times higher than in scenario 1. Scenario 10 is the only
scenario that increased area managed through thinning (accumulated managed area) in the 20 years of
the simulation (R 7), slightly above the managed area in scenario 1. All other scenarios either managed
the same (scenario 8) or a smaller area (scenarios 2 and 9). Although the dimension of industry in
scenario 8 is small, this scenario presented the highest competition among industries (R 8). Nearly 3.5%
of volume harvested corresponds to wood disputed in competition processes. Finally, there seems
to be no relevant differences in burned area and volume lost due to fire in the selected scenarios in
comparison to scenario 1 (R 9 and R 10). Small differences were, however, observed for volume, in
particular in scenarios 2 and 9.
4.2. Final Considerations
4.2.1. Behaviour of the Modelling Framework
The approach we followed was able to generate near infinite combinations of variables that were
not possible to ponder in this study. For example, the number and location of industries in the region,
the uses of forest biomass, the variability in forest variable distribution and the possible uncertainty in
environmental, social and economic aspects are factors that had to be constrained in order to formalize
the problem in a viable way. Here, we tried to simplify processes and reduce uncertainty based on a
value model, price and possible trends in the short term.
The heuristic framework of AppTitude® and the respective protocol applied in this research
allowed the selection of viable and sustainable industrial scenario hypotheses regarding supply/demand
of forest resources, location and dimensioning. The initialization process was considered satisfactory
in overcoming the problem of lack of spatial data on forest stands (Appendix A). The value model
resulted in a spatial distribution of a suitability index reflecting the point of view of industries over
a period of 20 years (Appendix D). Similarly, the price model, that consists of a direct relationship
between value and maximum and minimum prices, was revealed to be a useful approach, as indicated
by the spatial distribution of prices obtained (Appendix E).
Forest management comprises a high level of uncertainty resulting from several biotic and abiotic
hazards that are potentially harmful to trees, stands and the forest landscape as a whole. These hazards
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are often taken into account in forest management due to their potentially high economic and ecological
impact trough the integration of risk management into forest management processes and tools [63].
In the Nordeste region, the major forest hazard is fire. Wildfires occur with relatively high frequency,
although fire indicators here are not as dramatic as in other regions in Portugal. Nevertheless, fire is
a threat to forest products and ecosystem services [32] and burned area and fire intensity tend to
increase in the future due to changes in climate and in the landscape composition and configuration.
The solution found for integrating fire risk into our model as a random process under a certain
probability distribution [42] is apparently a good solution, in particular if combined with an ignition
probability model [43] since, on average, 98.7% of fires are human-caused [64], because this process is
sensitive to social and biophysical variables and, most importantly, to dendrometric variables affected
by forest management related to the several scenarios tested in this study. Other factors affecting fire
ignition and behaviour, such as climate change, were not considered in this study given the short (20-y)
temporal scale considered.
4.2.2. Limitations
The model applied in this study, as any model, assumed a considerable level of simplification
of the socioecological system under consideration. Several assumptions were made for operational
reasons, the first of which is the no-conflict rule in the four scenarios selected. This means that the
model did not address possible conflicts between forest industry and other sectors/groups of the society
with interests over forestland, assuming that thinning/felling or no thinning/felling is simply the
result of supply and demand functions based on preferences of the forest industry. It did not involve,
therefore, other relevant stakeholders such as conservation institutions, environmental NGOs, tourism
organizations, and forest, beekeeping, or hunting and owners’ associations, that have potentially
conflicting interests with industry. Similarly, the model and the study did not consider the use of
forests for the supply of ecosystem services that may or may not be compatible with wood-driven
management. There is a growing interest in forests in the region as suppliers of highly valued
ecosystem services such as carbon sequestration, mushroom production, or water regulation [65]
which requires further development of the model in order to incorporate trade-offs among ecosystems
services in supply–demand assessments [66], an important line for future research in the region and
elsewhere. That also brings additional challenges in terms of simplification of the process considering
the computational demand of such a large problem.
In terms of economic assessment, there are factors which are not addressed in this model, including
competition from potential sources of demand outside the geographic boundaries of the study area and
the effects of demand on the establishment of new markets and on changes in land use and land cover
in the region [67]. These factors are even more complex to model due to the difficulty of establishing
relationships among factors and decisions.
Lastly, this model did not attempt to find industries’ best location, as in [68,69]. The objective of
our study was to evaluate individual industries once their location was defined, although best location
can by approximated by trial and error with the model in its present form. Future development of
the model should therefore allow this possibility based on supply, demand, and supply–demand
interactions in the future.
5. Conclusions
The FMDSS AppTitude® and the protocol applied to evaluate scenarios of increasing biomass
demand were revealed to be an effective way of testing new forest industry plants in the Nordeste
region (North of Portugal) in the framework of increasing forest mobilization. The solutions found
(four scenarios), based in industries located in Bragança and Chaves, provide a series of good alternatives
to increase wood mobilization in the region while assuring that additional forest management prevented
overexploitation and that harvests did not significantly increase competition between industries but
increased the value and price of forest biomass. These scenarios and the volume of wood they are able
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to mobilize sustainably suggest that the forests in the region can considerably increase the sources
of income and the creation of economic activity and labor not just in industry, but also in forest
management and in forest logistics. This research provides reliable information that can be taken into
account in forest and regional planning, which was not previously available.
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Appendix A
Table A1. Stochastic distributions used in the initialization process: the forest stochastic distribution
FSD0 was used to test all the scenarios with the initialized volumes goals; FSD1 to FSD5 were used to
test the top four scenarios selected according to sustainability criteria.
Forest Stochastic Distribution Statistics (FSD)
Indicator FSD0 FSD1 FSD2 FSD3 FSD4 FSD5
Area (ha) 28041 27918 27971 27765 27853 27906
Total Volume (m3) 1.54M 1.49M 1.60M 1.53M 1.51M 1.50M
AVG Age (yrs) 17.01 16.5 17.24 16.86 16.77 16.95
AVG Volume per land
unit (m3/ha) 55.02 53.55 57.31 55.14 54.34 54.00
AVG density
(trees/ha) 414.09 414.21 412.47 413.06 413.45 414.17
Managed area (%) 0 0 0 0 0 0
Appendix B
Table A2. Definition of thinning and harvesting parameters per scenario and industry.
Scenario Type Variable B1 B2 B3 S1
1
Thinning
Age [Min, Max] (years) [12, 30] - - -
Vol. restriction (m3) ≥25 - - -
Final cut
Age [Min, Max] (years) [30, 65] - - -
Min volume (m3) ≥100 - - -
d[Min, Max] (cm) [0, 65] - - -
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Table A2. Cont.
Scenario Type Variable B1 B2 B3 S1
2
Thinning Age [Min, Max] (years) [12, 30] [12, 30] - -
Vol. restriction (m3) ≥25 ≥25 - -
Final cut
Age [Min, Max] (years) [30, 65] [30, 65] - -
Vol. restriction (m3) ≥100 ≥100 - -
d[Min, Max] (cm) [0, 65] [0, 65] - -
3
Thinning
Age [Min, Max] (years) [12, 30] [12, 30] [12, 30] -
Vol. restriction (m3) ≥25 ≥35 ≥25 -
Final cut
Age [Min, Max] (years) [30, 65] [30, 65] [30, 65] -
Vol. restriction (m3) ≥100 ≥100 ≥100 -
d[Min, Max] (cm) [0, 65] [0, 65] [0, 65] -
4
Thinning
Age [Min, Max] (years) [12, 30] - [12, 30] -
Vol. restriction (m3) ≥25 - ≥25 -
Final cut
Age [Min, Max] (years) [30, 65] - [30, 65] -
Vol. restriction (m3) ≥100 - ≥100 -
d[Min, Max] (cm) [0, 65] - [0, 65] -
5
Thinning
Age [Min, Max] (years) [12, 35] [12, 35] - -
Vol. restriction (m3) ≥25 ≥25 - -
Final cut
Age [Min, Max] (years) - - - [35, 65]
Vol. restriction (m3) - - - ≥100
d[Min, Max] (cm) - - - [30, 65]
6
Thinning
Age [Min, Max] (years) [12, 30] [12, 30] – -
Vol. restriction (m3) ≥25 ≥25 - -
Final cut
Age [Min, Max] (years) [30, 65] [30, 65] - [35, 65]
Vol. restriction (m3) ≥100 ≥100 - ≥100
d[Min, Max] (cm) [0, 25] [0, 25] - [30, 65]
7
Thinning
Age [Min, Max] (years) [12, 35] [12, 35] [12, 35] -
Vol. restriction (m3) ≥25 ≥25 ≥25 -
Final cut
Age [Min, Max] (years) - - - [35, 65]
Vol. restriction (m3) - - - ≥100
d[Min, Max] (cm) - - - [30, 65]
8
Thinning
Age [Min, Max] (years) [12, 30] [12, 30] [12, 30] -
Vol. restriction (m3) ≥25 ≥25 ≥25 -
Final cut
Age [Min, Max] (years) [30, 65] [30, 65] [30, 65] [35, 65]
Vol. restriction (m3) ≥100 ≥100 ≥100 ≥100
d[Min, Max] (cm) [0, 25] [0, 25] [0, 25] [30, 65]
9
Thinning
Age [Min, Max] (years) [12, 30] - - -
Vol. restriction (m3) ≥25 - - -
Final cut
Age [Min, Max] (years) [30, 65] - - [35, 65]
Vol. restriction (m3) ≥100 - - ≥100
d[Min, Max] (cm) [0, 25] - - [30, 65]
10
Thinning
Age [Min, Max] (years) [12, 30] [12, 30] - -
Vol. restriction (m3) ≥25 ≥25 - -
Final cut
Age [Min, Max] (years) [30, 65] [30, 65] - [35, 65]
Vol. restriction (m3) ≥100 ≥100 - ≥100
d[Min, Max] (cm) [0, 25] [0, 25] - [30, 65]
Appl. Sci. 2020, 10, 6297 20 of 29
Table A3. Price intervals (range please define all abbreviated terms upon their first appearance in a
figure or table (min, max)) for each industry, scenario and type of operation.
Price €/m3)
Scenario Period Harvest Type
B1 B2 B3 S1
min max min max min max min max
1
t0 Thinning 5.00 12.00 - - - - - -
t20 Thinning 6.00 14.00 - - - - - -
t0 Felling 12.00 20.00 - - - - - -
t20 Felling 14.00 22.00 - - - - - -
2
t0 Thinning 5.00 12.00 5.00 12.00 - - - -
t20 Thinning 6.00 14.00 6.00 14.00 - - - -
t0 Felling 12.00 20.00 12.00 20.00 - - - -
t20 Felling 14.00 22.00 14.00 22.00 - - - -
3
t0 Thinning 5.00 12.00 5.00 12.00 5.00 12.00 - -
t20 Thinning 6.00 14.00 6.00 14.00 6.00 14.00 - -
t0 Felling 12.00 20.00 12.00 20.00 12.00 20.00 - -
t20 Felling 14.00 22.00 14.00 22.00 14.00 22.00 - -
4
t0 Thinning 5.00 12.00 - - 5.00 12.00 - -
t20 Thinning 6.00 14.00 - - 6.00 14.00 - -
t0 Felling 12.00 20.00 - - 12.00 20.00 - -
t20 Felling 14.00 22.00 - - 14.00 22.00 - -
5
t0 Thinning 5.00 12.00 5.00 12.00 - - - -
t20 Thinning 6.00 14.00 6.00 14.00 - - - -
t0 Felling - - - - - - 25.00 35.00
t20 Felling - - - - - - 27.00 40.00
6
t0 Thinning 5.00 12.00 5.00 12.00 - - - -
t20 Thinning 6.00 14.00 6.00 14.00 - - - -
t0 Felling 12.00 20.00 12.00 20.00 - - 25.00 35.00
t20 Felling 14.00 22.00 14.00 22.00 - - 27.00 40.00
7
t0 Thinning 5.00 12.00 5.00 12.00 5.00 12.00 - -
t20 Thinning 6.00 14.00 6.00 14.00 6.00 14.00 - -
t0 Felling - - - - - - 25.00 35.00
t20 Felling - - - - - - 27.00 40.00
8
t0 Thinning 5.00 12.00 5.00 12.00 5.00 12.00 - -
t20 Thinning 6.00 14.00 6.00 14.00 6.00 14.00 - -
t0 Felling 12.00 20.00 12.00 20.00 12.00 20.00 25.00 35.00
t20 Felling 14.00 22.00 14.00 22.00 14.00 22.00 27.00 40.00
9
t0 Thinning 5.00 12.00 - - - - - -
t20 Thinning 6.00 14.00 - - - - - -
t0 Felling 12.00 20.00 - - - 25.00 35.00
t20 Felling 14.00 22.00 - - - - 27.00 40.00
10
t0 Thinning 5.00 12.00 5.00 12.00 - - - -
t20 Thinning 6.00 14.00 6.00 14.00 - - - -
t0 Felling 12.00 20.00 12.00 20.00 - - 25.00 35.00
t20 Felling 14.00 22.00 14.00 22.00 - - 27.00 40.00
Appendix C
Broad initial and adjusted volume limits (maximum, and minimum and maximum goals) for
industries in scenarios under consideration.
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Table A4. Initialization maximum volume goals per scenario and industry for used in the first
simulation (FSD0).
Volume Goals (m3) Per Industry
Scenario Period
B1 B2 B3 S1
min max min max min max min max
1
t0 - 40,000 - - - - - -
t20 - 50,000 - - - - - -
2
t0 - 40,000 - 40,000 - - - -
t20 - 45,000 - 45,000 - - - -
3
t0 - 40,000 - 40,000 - 12,000 - -
t20 - 45,000 - 45,000 - 15,000 - -
4
t0 - 40,000 - - - 12,000 - -
t20 - 45,000 - - - 15,000 - -
5
t0 - 20,000 - 30,000 - - - 30,000
t20 - 30,000 - 40,000 - - - 40,000
6
t0 - 20,000 - 30,000 - - - 30,000
t20 - 30,000 - 40,000 - - - 40,000
7
t0 - 20,000 - 30,000 - 12,000 - 30,000
t20 - 30,000 - 40,000 - 15,000 - 40,000
8
t0 - 20,000 - 30,000 - 12,000 - 30,000
t20 - 30,000 - 40,000 - 15,000 - 40,000
9
t0 - 20,000 - - - - - 30,000
t20 - 20,000 - - - - - 30,000
10
t0 - 20,000 - 5000 - - - 30,000
t20 - 20,000 - 5000 - - - 30,000
Table A5. Minimum and maximum adjusted volume goals per scenario and industry. Scenarios are
those selected as viable in the previous step.
Volume Goals (m3) Per Industry
Scenario Period
B1 B2 B3 S1
Min Max Min Max Min Max Min Max
1
t0 10,000 25,000 - - - - - -
t20 10,000 25,000 - - - - - -
2
t0 10,000 20000 10,000 30,000 - - - -
t20 10,000 25,000 10,000 35,000 - - - -
3
t0 10,000 20,000 15000 30,000 5000 10,000 - -
t20 10,000 20,000 15000 35,000 5000 12500 - -
4
t0 10,000 20,000 - - 5000 10,000 - -
t20 10,000 20,000 - - 5000 12,500 - -
5
t0 10,000 20,000 10,000 20,000 - - 10,000 30,000
t20 10,000 20,000 10,000 20,000 - - 10,000 30,000
6
t0 10,000 20,000 10,000 20,000 - - 10,000 30,000
t20 10,000 20,000 10,000 20,000 - - 10,000 30,000
7
t0 10,000 20,000 10,000 20,000 5000 10,000 10,000 30,000
t20 10,000 25,000 10,000 20,000 5000 10,000 10,000 30,000
8
t0 2000 10,000 5000 15,000 1000 3000 25,000 40,000
t20 2000 10,000 5000 15,000 1000 3000 25,000 40,000
9
t0 0 20,000 - - - - 25,000 40,000
t20 0 20,000 - - - - 25,000 40,000
10
t0 0 20,000 0 5000 - - 15,000 30,000
t20 0 20,000 0 5000 - - 15,000 30,000
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Appendix D
Spatial distribution of forest biomass demand based of the value model and its dynamics from t1
to t20 in the region for tested industrial plants.
Figure A1. Value distribution (on a 0 to 1 scale) for Biomass I (B1) over a period of 20 years (t1 to t20) in
the Nordeste region, Portugal. Light green cells indicate higher suitability and light red cells lower
suitability of forest units for industry.
Figure A2. Value distribution (on a 0 to 1 scale) for Biomass II (B2) and Sawmill I (S1) over a period of
20 years (t1 to t20) in the Nordeste region, Portugal. Light green cells indicate higher suitability and
light red cells lower suitability of forest units for industry.
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Figure A3. Value distribution (on a 0 to 1 scale) for Biomass III (B3) over a period of 20 years (t1 to t20.
in the Nordeste region, Portugal. Light green cells indicate higher suitability and light red cells lower
suitability of forest units for industry.
Appendix E
Spatial distribution of forest biomass demand based on the price model and its dynamics from t1
to t20 in the region for tested scenarios (industrial plants).
Figure A4. Price distribution for Scenario 1 (Biomass I (B1), thinning) over a period of 20 years (t1 to t20)
in the Nordeste region, Portugal. The minimum price was 5 €/m3 (light red) and the maximum 14 €/m3
(light green).
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Figure A5. Price distribution for Scenario 1 (Biomass I (B1), felling) over a period of 20 years (t1 to t20)
in the Nordeste region, Portugal. The minimum price was 12 €/m3 (light red) and the maximum 22 €/m3
(light green).
Figure A6. Price distribution for Scenario 1 (Biomass II (B2), thinning) over a period of 20 years (t1 to t20)
in the Nordeste region, Portugal. The minimum price was 5 €/m3 (light red) and the maximum 14 €/m3
(light green).
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Figure A7. Price distribution for Scenario 1 (Biomass II (B2), felling) over a period of 20 years (t1 to t20)
in the Nordeste region, Portugal. The minimum price was 12 €/m3 (light red) and the maximum 22 €/m3
(light green).
Figure A8. Price distribution for Scenario 1 (Biomass III (B3), thinning) over a period of 20 years
(t1 to t20) in the Nordeste region, Portugal. The minimum price was 5 €/m3 (light red) and the maximum
14 €/m3 (light green).
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Figure A9. Price distribution for Scenario 1 (Biomass III (B3), felling) over a period of 20 years (t1 to t20)
in the Nordeste region, Portugal. The minimum price was 12 €/m3 (light red) and the maximum 22 €/m3
(light green).
Figure A10. Price distribution for Scenario 1 (Biomass III (S1), felling) over a period of 20 years (t1 to t20)
in the Nordeste region, Portugal. The minimum price was 12 €/m3 (light red) and the maximum 22 €/m3
(light green).
Appl. Sci. 2020, 10, 6297 27 of 29
References
1. Proskurina, S.; Sikkema, R.; Heinimö, J.; Vakkilainen, E. Five years left—How are the EU member states
contributing to the 20% target for EU’s renewable energy consumption; the role of woody biomass.
Biomass Bioenergy 2016, 95, 64–77. [CrossRef]
2. Verkerk, P.J.; Fitzgerald, J.B.; Datta, P.; Dees, M.; Hengeveld, G.M.; Lindner, M.; Zudin, S. Spatial distribution
of the potential forest biomass availability in Europe. For. Ecosyst. 2019, 6, 5. [CrossRef]
3. European Commission. Sustainable and Optimal Use of Biomass for Energy in the EU beayond 2020; European
Commission: Brussels, Belgium, 2017.
4. Ericsson, K.; Nilsson, L.J. Assessment of the potential biomass supply in Europe using a resource-focused
approach. Biomass Bioenergy 2006, 30, 1–15. [CrossRef]
5. Sikkema, R.; Steiner, M.; Junginger, M.; Hiegl, W.; Hansen, M.T.; Faaij, A. The European wood pellet markets:
Current status and prospects for 2020. Biofuels Bioprod. Biorefining 2011, 5, 250–278. [CrossRef]
6. Lindstad, B.H.; Pistorius, T.; Ferranti, F.; Dominguez, G.; Gorriz-Mifsud, E.; Kurttila, M.; Leban, V.; Navarro, P.;
Peters, D.M.; Pezdevsek Malovrh, S.; et al. Forest-based bioenergy policies in five European countries: An
explorative study of interactions with national and EU policies. Biomass Bioenergy 2015, 80, 102–113. [CrossRef]
7. Mubareka, S.; Jonsson, R.; Rinaldi, F.; Azevedo, J.C.; de Rigo, D.; Sikkema, R. Forest bio-based economy in
Europe. In European Atlas of Forest Tree Species; Publication Office of the EU: Luxemburg, 2016; pp. 20–23.
8. De Wit, M.; Faaij, A. European biomass resource potential and costs. Biomass Bioenergy 2010, 34, 188–202. [CrossRef]
9. Cristina, C.; Martin, C. Bioenergy Europe Pellet Report 2019; Bioenergy Europe: Brussels, Belgium; The European
Pellet Council: Brussels, Belgium, 2019.
10. Valente, S.; Coelho, C.; Ribeiro, C.; Marsh, G. Sustainable Forest Management in Portugal: Transition from
Global Policies to Local Participatory Strategies. Int. For. Rev. 2015, 17, 368–383. [CrossRef]
11. Azevedo, J.C.; Ferreira, M.C.; Nunes, L.F.; Feliciano, M. What Drives Consumption of Wood Energy in the
Residential Sector of Small Cities in Europe and How that Can Affect Forest Resources Locally? The Case of
Bragança, Portugal. Int. For. Rev. 2016, 18, 1–12. [CrossRef]
12. Scarlat, N.; Dallemand, J.-F.; Monforti-Ferrario, F.; Nita, V. The role of biomass and bioenergy in a future
bioeconomy: Policies and facts. Environ. Dev. 2015, 15, 3–34. [CrossRef]
13. Koh, L.P.; Ghazoul, J. Biofuels, biodiversity, and people: Understanding the conflicts and finding opportunities.
Biol. Conserv. 2008, 141, 2450–2460. [CrossRef]
14. Crandall, M.S.; Adams, D.M.; Montgomery, C.A.; Smith, D. The potential rural development impacts of
utilizing non-merchantable forest biomass. For. Policy Econ. 2017, 74, 20–29. [CrossRef]
15. OTI; Castro Rego, F.; Fernandes, P.; Sande Silva, J.; Azevedo, J.; Moura, J.M.; Oliveira, E.; Cortes, R.;
Viegas, D.X.; Caldeira, D.; et al. Redução do Risco de Incêndio Através da Utilização de Biomassa Lenhosa Para
Energia; Assembleia da República: Lisboa, Portugal, 2020.
16. Cambero, C.; Sowlati, T. Assessment and optimization of forest biomass supply chains from economic,
social and environmental perspectives—A review of literature. Renew. Sustain. Energy Rev. 2014, 36, 62–73.
[CrossRef]
17. Valente, C.; Hillring, B.G.; Solberg, B. Bioenergy from mountain forest: A life cycle assessment of the
Norwegian woody biomass supply chain. Scand. J. For. Res. 2011, 26, 429–436. [CrossRef]
18. Zeithaml, V.A. Consumer Perceptions of Price, Quality, and Value: A Means-End Model and Synthesis of
Evidence. J. Mark. 1988, 52, 2–22. [CrossRef]
19. Wicke, B.; van der Hilst, F.; Daioglou, V.; Banse, M.; Beringer, T.; Gerssen-Gondelach, S.; Heijnen, S.;
Karssenberg, D.; Laborde, D.; Lippe, M.; et al. Model collaboration for the improved assessment of biomass
supply, demand, and impacts. GCB Bioenergy 2015, 7, 422–437. [CrossRef]
20. Nobre, S.; Eriksson, L.-O.; Trubins, R. The Use of Decision Support Systems in Forest Management: Analysis
of FORSYS Country Reports. Forests 2016, 7, 72. [CrossRef]
21. Hujala, T.; Khadka, C.; Wolfslehner, B.; Vacik, H. Review. Supporting problem structuring with
computer-based tools in participatory forest planning. For. Syst. 2013, 22, 270–281. [CrossRef]
22. Pretzsch, H. Forest Dynamics, Growth and Yield from Measurement to Model; Springer: Berlin/Heidelberg,
Germany, 2009; ISBN 978-3-540-88306-7.
23. Pommerening, A.; Muszta, A. Methods of modelling relative growth rate. For. Ecosyst. 2015, 2, 5. [CrossRef]
24. Baskent, E.Z.; Keles, S. Spatial forest planning: A review. Ecol. Model. 2005, 188, 145–173. [CrossRef]
Appl. Sci. 2020, 10, 6297 28 of 29
25. Uhde, B.; Andreas Hahn, W.; Griess, V.C.; Knoke, T. Hybrid MCDA Methods to Integrate Multiple Ecosystem
Services in Forest Management Planning: A Critical Review. Environ. Manag. 2015, 56, 373–388. [CrossRef]
26. Eriksson, L.O.; Backéus, S.; Garcia, F. Implications of growth uncertainties associated with climate change for
stand management. Eur. J. For. Res. 2012, 131, 1199–1209. [CrossRef]
27. Segura, M.; Ray, D.; Maroto, C. Decision support systems for forest management: A comparative analysis
and assessment. Comput. Electron. Agric. 2014, 101, 55–67. [CrossRef]
28. Korosuo, A.; Wikström, P.; Öhman, K.; Eriksson, L.O. An integrated MCDA software application for forest
planning: A case study in southwestern Sweden. Math. Comput. For. Nat. Resour Sci. (MCFNS) 2011, 3,
75–86.
29. Barreiro, S.; Garcia-Gonzalo, J.; Borges, J.G.; Tomé, M.; Marques, S. SADfLOR Tutorial—A Web-Based Forest
and Natural Resources Decision Support System (Work in Progress); FORCHANGE, ISA.: Lisboa, Portugal, 2013.
30. Pérez-Rodríguez, F.; Nunes, L.; Azevedo, J.C. Solving Multi-Objective Problems for Multifunctional and
Sustainable Management in Maritime Pine Forest Landscapes. Climate 2018, 6, 81. [CrossRef]
31. DGT. Carta de Uso e Ocupação do Solo de Portugal Continental Para 2007 (COS2007); Direcção-Geral do Território:
Lisboa, Portugal, 2007.
32. Sil, Â.; Fernandes, P.M.; Rodrigues, A.P.; Alonso, J.M.; Honrado, J.P.; Perera, A.; Azevedo, J.C. Farmland
abandonment decreases the fire regulation capacity and the fire protection ecosystem service in mountain
landscapes. Ecosyst. Serv. 2019, 36, 100908. [CrossRef]
33. Gigerenzer, G.; Gaissmaier, W. Heuristic Decision Making. Annu. Rev. Psychol. 2011, 62, 451–482. [CrossRef]
34. Jin, X.; Pukkala, T.; Li, F. Fine-tuning heuristic methods for combinatorial optimization in forest planning.
Eur. J. For. Res. 2016, 135, 765–779. [CrossRef]
35. Pérez-Rodríguez, F.; Nunes, L.; Azevedo, J.C. AppTitude: Integration of different ecosystem services in
forest optimization approaches. In Proceedings of the I International Conference on Research for Sustainable
Development in Mountain Regions, Bragança, Portugal, 5–7 October 2016; IPB: Bragança, Portugal, 2016;
p. 129.
36. Boston, K. Forestry Raw Materials Supply Chain Management. In The Management of Industrial Forest
Plantations: Theoretical Foundations and Applications; Managing Forest Ecosystems; Springer: Dordrecht,
The Netherlands, 2014; Volume 33, pp. 467–487. ISBN 978-94-017-8898-4.
37. ICNF Inventário Florestal Nacional. Available online: http://www.icnf.pt/portal/florestas/ifn (accessed on
10 January 2019).
38. Páscoa, F. Estrutura, Crescimento e Produção em Povoamentos de Pinheiro Bravo. Um Modelo de Simulação.
Ph.D. Thesis, Universidade Técnica de Lisboa, Instituto Superior de Agronomia, Lisboa, Portugal, 1987.
39. Luis, J.F.; Fonseca, T.F. Fonseca The allometric model in the stand density management of Pinus pinaster Ait.
In Portugal. Ann. For. Sci. 2004, 61, 807–814. [CrossRef]
40. Tomé, M. Tabela de Produção Geral Para o Pinheiro Bravo Desenvolvida no Âmbito do Projecto PAMAF 8165
“Regeneração, Condução e Crescimento do Pinhal Bravo das Regiões Litoral e Interior Centro”; Relatórios
Técnico-Científicos do GIMREF RT9/2001; Centro de Estudos Florestais, Instituto Superior de Agronomia:
Lisboa, Portugal, 2001.
41. Pérez-Rodríguez, F.; Nunes, L.; Sil, Â.; Azevedo, J. FlorNExT®, a cloud computing application to estimate
growth and yield of maritime pine (Pinus pinaster Ait.) stands in Northeastern Portugal. For. Syst. 2016, 25,
1–6. [CrossRef]
42. Marques, S.; Garcia-Gonzalo, J.; Botequim, B.; Ricardo, A.; Borges, J.G.; Tome, M.; Oliveira, M.M. Assessing
wildfire occurrence probability in Pinus pinaster Ait. Stands in Portugal. For. Syst. 2012, 21, 111–120.
[CrossRef]
43. Catry, F.X.; Rego, F.C.; Bação, F.L.; Moreira, F. Modeling and mapping wildfire ignition risk in Portugal. Int. J.
Wildland Fire 2009, 18, 921–931. [CrossRef]
44. Saaty, T.L. The Analytic Hierarchy Process: Planning Priority Setting, Resource Allocation; McGraw-Hill: New York,
NY, USA, 1980; ISBN 978-0-07-054371-3.
45. Keeney, R.L.; Raiffa, H. Decisions with Multiple Objectives: Preferences and Value Tradeoffs; Wiley Series in
Probability and Mathematical Statistics; John Wiley and Sons: New York, NY, USA, 1976.
46. Russo, R.d.F.S.M.; Camanho, R. Criteria in AHP: A Systematic Review of Literature. Procedia Comput. Sci.
2015, 55, 1123–1132. [CrossRef]
Appl. Sci. 2020, 10, 6297 29 of 29
47. Schmoldt, D.; Kangas, J.; Mendoza, G.A.; Pesonen, M. (Eds.) The Analytic Hierarchy Process in Natural Resource
and Environmental Decision Making; Managing Forest Ecosystems; Springer: Dordrecht, The Netherlands,
2001; Volume 3, ISBN 978-0-7923-7076-5.
48. Kangas, J.; Kangas, A. Multiple criteria decision support in forest management—The approach, methods
applied, and experiences gained. For. Ecol. Manag. 2005, 207, 133–143. [CrossRef]
49. Saaty, T.L. Ratio Scales are Fundamental in Decision Making. In Proceedings of the 1996 International
Symposium on the Analytic Hierarchy Process (ISAHP), Vancouver, BC, Canada, 12–15 July 1996; pp. 146–156.
50. Gass, S.I. Model World: The Great Debate: MAUT versus AHP. Interfaces 2005, 35, 308–312. [CrossRef]
51. Ogle, R.A.; Dee, S.J.; Cox, B.L. Resolving inherently safer design conflicts with decision analysis and
multi-attribute utility theory. Process Saf. Environ. Prot. 2015, 97, 61–69. [CrossRef]
52. Howard, A.F.; Nelson, J.D. Area-based harvest scheduling and allocation of forest land using methods for
multiple-criteria decision making. Can. J. For. Res. 1993, 23, 151–158. [CrossRef]
53. Heinonen, T.; Pukkala, T. A comparison of one- and two-compartment neighbourhoods in heuristic search
with spatial forest management goals. Silva Fenn. 2004, 38, 319–332. [CrossRef]
54. Nunes, L.J.R.; Matias, J.C.O.; Catalão, J. Wood pellets as a sustainable energy alternative in Portugal.
Renew. Energy 2016, 85, 1011–1016. [CrossRef]
55. Eliasson, L.; Eriksson, A.; Mohtashami, S. Analysis of factors affecting productivity and costs for a
high-performance chip supply system. Appl. Energy 2017, 185, 497–505. [CrossRef]
56. Navalho, I.; Alegria, C.; Quinta-Nova, L.; Fernandez, P. Integrated planning for landscape diversity
enhancement, fire hazard mitigation and forest production regulation: A case study in central Portugal.
Land Use Policy 2017, 61, 398–412. [CrossRef]
57. Viana, H.; Cohen, W.B.; Lopes, D.; Aranha, J. Assessment of forest biomass for use as energy. GIS-based
analysis of geographical availability and locations of wood-fired power plants in Portugal. Appl. Energy
2010, 87, 2551–2560. [CrossRef]
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